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Engagement Analysis Technology for Tele-presence Services
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A Telepresence service is an advanced video conferencing service at aimed
providing remote users with the feeling of being present together at a particular
location for a face-to-face group meeting. The effectiveness in this type of
meeting can be further increased by automatically recognizing the audiovisual
behaviors of the video conferencing users, accurately inferring their level of
engagement from the recognized reactions, and providing proper feedback on
their engagement state. In this paper, we review the recent developments of such
engagement analysis techniques being utilized in various applications, such as
human-robot interaction, content evaluation, telematics, and online collaboration
services, In addition, we introduce a real-time engagement analysis framework
employed in our telepresence service platform for an increased participation in

online group collaboration settings.
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