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In the age of IoT, in which everything is connected to a network, there have been
increases in the amount of data traffic, latency, and the risk of personal privacy
breaches that conventional cloud computing technology cannot cope with, The idea
of edge computing has emerged as a solution to these issues, and furthermore, the
concept of ultra-low power edge intelligent semiconductors in which the loT device
itself performs intelligent decisions and processes data has been established. The key
elements of this function are an inteligent semiconductor based on artificial
intelligence, connectivity for the efficient connection of neurons and synapses, and a
large-scale spiking neural network simulation framework for the performance
prediction of a neural network. This paper covers the current trends in ultra-low power
edge intelligent semiconductors including issues regarding their technology and

application.
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AP Application Processor

CES The International Consumer Electronics Show

CMP Chip Multi-Processor

CPU Central processing unit

DARPA  Defense Advanced Research Projects
Agency

GPU Graphics processing unit

IoT Internet of Things

NoC Network—on-Chip

NPU Neural Processing Unit
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PCB Printed Circuit Boards

SDRAM  Synchronous DRAM

SNN Spiking Neural Network

SRT Synapse Routing Table

SyNAPS  System of Neuromorphic Adaptive Plastic
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