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Abstract

This paper proposes a common Iinterface for
connecting proprietary back—end compilers of NPU
(Neural Processing Units) manufacturers with
general-purpose Al compilers, enabling support for
various Al models while protecting corporate assets.
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The proposed interface adheres to the ONNX
standard and integrates ETRI's NEST-C compiler
with OPENEDGES's ENLIGHT compiler through this
interface. Experimental results showed that the
integrated  compiler achieved 100%  result
consistency for two types of models, ResNet50 and
MobileNetV2, compared to using ENLIGHT alone.
Therefore, the proposed interface offers a valuable
solution for enhancing the versatility of NPU
back-end compilers while maintaining their
proprietary nature.
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Fig. 1. Overnview of the NEST-C Compiler.
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Table 1. Comparison of Inference Results Between ENLIGHT and Integrated NEST-C and ENLIGHT.

NEST-C ENLIGHT NEST-C + ENLIGHT Original
(Intel 17-8700) (U280 FPGA) (U280 FPGA) Model Sanity
Accuracy Laten Accuracy Laten Accuracy Laten Accuracy Check
Fp32) Y (8bin) atency (8bit) atency (FP32)
MobileNet-v2.7  70.6% 59.9ms 68.624% 9ms 68.624% 9ms 70.6% 100%
Resnetb0-v2 79.26% 136.9ms  73.038% 107ms 73.038% 107ms 79.26% 100%
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