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The integration of Al into education has catalyzemhsformative changes, particularly in enablingtomized and
personalized learning experiences that were preljiompractical in traditional classroom settingghile earlier Al
automation systems focused on educational equalitgroviding uniform resources and opportunitiesrenrecent Al-
driven customized learning systems aim to achielgcational equity by providing differentiated supptailored to
individual needs, ensuring comparable learning auats across diverse student populations. HowevesgetAl-driven
customized learning systems can inadvertently dice bias in both data collection and algorithmacpssing, potentially
compromising educational equity. This risk is pararly pronounced in foreign language educatioheng learner
populations exhibit significant demographic andwall diversity, increasing the potential for dhtas. With the planned
introduction of Al English digital textbooks in 2B2addressing Al bias and educational inequalityobees critical,
particularly in English education. This study sys#gically examines the sources of Al bias that oetumultiple stages:
data collection, analysis, classification, and Etgmic processing. It identifies the manifesta@nd implications of these
biases in educational contexts, and proposes ctrapséve solutions that include both technical and-technical
approaches, drawing on existing literature. It @atines recommendations for key stakeholderselipers, educators,
and policymakers- to ensure equity in Al-driven eational systems.
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Transition from Equality to Equity in the Al-drivdrearning Systems
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