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ABSTRACT

In recent years, 3D deep learning has emerged as a powerful tool for 3D content creation in augmented, virtual,
and extended reality, as well as in digital twins and the metaverse. In particular, radiance field-based 3D scene
representations have revolutionized novel view synthesis and rendering from multi-view images, enabling the
generation of high-quality 3D assets without relying on conventional mesh-based techniques. Moreover, rapid
advancements and extensions continue to enhance various aspects of radiance fields, including quality, speed,
dimensionality, and editability. In this report, we review recent progress in 3D Gaussian splatting, currently the
dominant radiance field-based 3D scene representation, with a particular focus on its editing capabilities as a

promising avenue for future 3D content creation.
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3DGS 3D Gaussian Splatting

CLIP Contrastive Language-Image Pretraining
DOF Degree Of Freedom

LLM Large Language Model

MLP Multi Layer Perceptron

MPM Material Point Method

NeRF Neural Radiance Fields

PLY Polygon File Format

SAM Segment Anything Model

SIM Structure from Motion

WS2 What you See is What you Simulate
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