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Cloud Computing Industry Trends for Artificial Intelligence
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Artificial intelligence has recently been regarded as a key engine of future
industry, and cloud computing and big data technologies have begun to receive
significant attention. Major global vendors such as IBM, Microsoft, Google, and
Amazon have been launching cloud-computing services for artificial intelligence.
On the other hand, the situation domestically is now at an early stage. This report
describes the industry trends both domestically and internationally regarding cloud
computing for artificial intelligence. We also describe to significance of cloud

computing ecosystem and data competitiveness for artificial intelligence,
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App Compute Container

Engine Engine Engine
Big Data
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Machine Learning
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Query APl Learning AP API
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[£4] Google Cloud Platform, https://cloud. google, com/
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