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ABSTRACT

This paper examines the trends of recently developed human-care robots and social interaction technologies.
As one of the solutions to the problems of an aging society, human-care robots have gained considerable
attention from the public and the market. However, commercialized human-care robots do not meet
user expectations for the role as companions. Current robot services based on short-term interaction and
fragmentary pieces of intelligence have encountered difficulty in eliciting natural communication with humans.
This results in the failure of human-robot social bonding. Social interaction is being actively investigated as a
technique for improving robots” natural communication skills. Robots can form a natural bond with humans
through social interaction, which consequently increases their effectiveness. In this paper, we introduce
recent human-care robot-related issues and subsequently describe technical challenges and implications for
the success of human-care robots. In addition, we review recent trends on social interaction technologies and
the datasets required.
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