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ABSTRACT

Many computer vision algorithms are computationally expensive and require a lot of computing resources.
Recently, owing to machine learning technology and high-performance embedded systems, vision processing
applications, such as object detection, face recognition, and visual inspection, are widely used. However,
on-devices need to use their resources to handle powerful vision works with low power consumption in
heterogeneous environments. Consequently, global manufacturers are trying to lock many developers into
their ecosystem, providing integrated low-power chips and dedicated vision libraries. Khronos Group—an
international standard organization—has released the OpenVX standard for high-performance/low-power
vision processing in heterogeneous on-device systems. This paper describes vision libraries for the embedded

systems and presents the OpenVX standard along with related trends for on-device vision system.
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