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ABSTRACT

Visual object tracking can be utilized in various applications and has attracted considerable attention in the
field of computer vision. Visual object tracking technology is classified in various ways based on the number
of tracking objects and the methodologies employed for tracking algorithms. This report briefly introduces
the visual object tracking challenge that contributes to the development of single object tracking technology.
Furthermore, we review ten Siamese network-based algorithms that have attracted attention, owing to their
high tracking speed (despite the use of neural networks). In addition, we discuss the prospects of the Siamese

network-based object tracking algorithms.
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