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‘Deep Learning Approach”
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210l 1 Algorithm line_detection:

= 7 Y 2] 3L / Input: Foreground image
ol , - %:-F ,'L-."i 22, Az Output: Line labels for each pixel
7z M oz upz‘;—q; S s %?]T__, begin
[ El E 3 ST . .
3 Zd- Initialize window size;

number of lines =-1;

. < ¥ . i’-“?_h?hﬁ—- Set predefined_number of lines;
29 ued Zd 2% Aqddd- i t while(number of lines != predefined number of lines)
o e begin
. ol AL H —» g}o ) i :
3% sz % ‘ ?he ’"Elﬂdﬁ- 2rel 5 Adjust window size;

Apply dilatation on foreground image;

=) Obtai label the lines;
. SXIE M7 O|0|K|2 BE HAAMQAZ ain connected components and label the lines;

e Get the number_of lines;
ajoloz mt end
d
. APE HOJEl 210l 2 BFQICH CHO| 4 113 .
Az F7| M
. S 20l A= HMy g kA



) o Algorithm word_detection:
g '1,77»2\ == Input: Foreground image segment for a line
Output: Word labels for each pixel
L‘-‘ Ay C"]: =z °
2N de e ws - ol begin |
- 22 Initialize window size;
number of words =-1;

(4o e
72 ﬁ%’l’;‘{ 2 ;;3— )ZC 2, &
199’ | P WOL t}:z Set predefined _number of words;
R, deo| HP SR %"1“\‘—1@” l while(number_of words != predefined_number_of words)
vl (RS begin
B 145 el eheral 2250 : : .
L e | ) g Adjust window size;

Apply dilatation on foreground image;
Obtain connected components and label the words;

Get the number_of words;
end
end



T 24 sl 0 ololg Holore
109 2 T A H M Ehof: o auuAS
- BA/MY ehof: 191 37| 24
ofoe 25 Ho|Al: - o HaE o
- M ALoH| ,;f“!;\--‘- = 8 o4l | uH ol F u e 3
\, HL ol || W2 < | |[LH ot s | Uiikotl:

% G . z '\ ‘> 1) 1 3 B
I i w P _2'_ - E 'S T () "__-‘ . I- \{ T Py ‘; C R o _/J ) ‘Eﬁ_
- “ A2 -

r
10
o

nx: <
M
rn

o
o AL

nn <

o
ot
il
I
4% 0@

Wy 19 N
>

oot o



41 A E9

A5l 0| E
e 220HO| TX AM

=
- & 5504 HO|X| &
« 9,923 x 14,040 A (1,200dpi, 21 x 29.7cm)

T 23

'é); 6) X
RUE 20000) 8% 0% 3ohirqa) 293 300Ye| g 2leg
0)7
27 W5 AL IR oo o
- 54 4.455.125.61 D) ez
%4/ 7/2// 1//(7,{7// 2}7% ,///;
77

23 g ik "yl 2t R

/
'7)’(, l 7
/ »f“/»i‘ZL' 7’2"2/ '7&!? (.L.,)/
A et

NN

297

0,5, v Yinl 2hy
(A R AT

7 &
%] o Z(Hf‘gcmbccc)vz 3, ml? 75,

Z

YTk
3

09/))&7 023 bl 7h

oA WG 300 1400 g sy VIop mnlapel Bt

WL 350 Y] Wb



1;)8 - [ESTEH 6]
win_v = 19, win_h = 64, # lines = 16, # words = 71, # high word = 2, & small word = 2
prop_dist = -170.53, cost = 680.808, h_mean = 223.52, global_h_mean = 223.52
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Solution model

Ch2= CNN feature learning (baseline)

( )

Image #1 CNN
(w-sharing)>a>t FCN <« Oor ]
CNN

Image #2

. J

\ 4

\ 4

Che= VAE feature learning (baseline)

Image #1 » Encoder > Feature #1 » Decoder < » Image #1
(w-sharing)
Image #2 » Encoder > Feature #2 » Decoder < » Image #2

FCN 4—{ 0 or1 }

U
oL,



Solution model

« Content/Personality Tt& VAE Feature Learning OO|C| O

C-Feature #1

[ Image #1 ]—> Encoder Decoder

< A
=

Image #1' ]4—{ Image #1 }

P-Feature #1

. Decoder

Image #1" H Image #1 }

Decoder

Image #2" ]4—{ Image #2 }

C-Feature #2

{ Image #2 ]—* Encoder Decoder

IR

Image #2' ]<—>[ Image #2 }

P-Feature #2

* Image #11f #2& &€ EAte| £HO{ O|O[X]|



